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4\ Neural Fitting (nftool) — O X
]

Welcome to the Neural Network Fitting app.
Solve an input-output fitting problem with a two-layer feed-forward neural network.

r Introduction Neural Network
In fitting problems, you want a neural network to map between a data set Hidden Layer Output Layer
of numeric inputs and a set of numeric targets. Output
Examples of this type of problem include estimating engine )—ﬂ
levels based on of fuel ption and speed

({engine_dataset)

or predicting a patient's bodyfat level based on body

measurements (Lo et dataset),
The Neural Fitting app will help you select data, create and train a network, A two-layer feed-forward network with sigmoid hidden neurons and linear
and evaluate its perfformance using mean square error and regression output neurons (711121, can fit multi-dimensional mapping problems
analysis. arbitrarily well, given consistent data and enough neurons in its hidden
layer.
The network will be trained with Levenberg-Marquardt backpropagati

algorithm (tr211771), unless there is not enough memory, in which case
scaled conjugate gradient backpropagation (frz1n:c0 will be used.

B To continue, dlick [Next].

‘ & Neural Network Start ‘ ‘ mWekomer‘ \‘Bad: \| & Next | ‘ @ Cancel ‘
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newrb
Design radial basis network

Syntax

net = newrb(P,T,goal,spread,!N,DF)

Description
Radial basis networks can be used to approximate functions. newrb adds neurons to the hidden layer of a radial basis network until it meets the specified mean squared error goal.

net = newrb(P,T,goal,spread,/N,DF) takes two of these arguments,

P | R-by-Q matrix of Q input vectors

T | S-by-Q matrix of Q target class vectors

goal | Mean squared error goal (default = 0.0)

spread | Spread of radial basis functions (default = 1.0)

N | Maximum number of neurons (default is Q)

DF | Number of neurons to add between displays (default = 25)

and returns a new radial basis network.
The larger spread is, the her the function app! Too large a spread means a lot of neurons are required to fit a fast-changing function. Too small a spread means many
neurons are required to fit a smooth function, and the network might not generalize well. Call newrb with different spreads to find the best value for a given problem.

Examples

Here you design a radial basis network, given inputs P and targets T.

P=[123];
T =[2.0 4.1 5.9];
net = newrb(P,T);

-
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